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[1] Lewis et al. “Retrieval-Augmented Generation for Knowledge-Intensive NLP Tasks,” In Neur/PS, 2020.
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(EM: Exact Match, F1: F1-score)

gpt-40-2024-03-06

AL 03 LLM RAG
EM F1 EM F1
H| 22 35.92 | 52.23 | 53.21 | 67.06
O AAA AR | 734 | 2339 | 1932 | 33.17

Ao o|-&- 1.12 15.11 2.16 21.7
A 2.06 6.13 3.98 10.01
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Table 1: The proposed taxonomy of NFQ categories and target answer structures

Category Description Expected Answer Structure | Patterns

You want to understand the Instructions/euidelines provided How to ..? How canIdo...?
INSTRUCTION procedure/method of . & P What is the process for ...?

. . . in a step-by-step manner. ]
doing/achieving something. What is the best way to ...?
Why does ...?
i ?

REASON You want to find out A list of reasons with evidence. What is the reason for ... 7

reasons of/for something.

What causes ...?
How come ... happened?

You want to learn about the

Wikipedia-like passage

Whatis...?
How does/do ... work?

e fini
EVIDENCE-BASED | features/description/definition descrlbm.g/de nmgan What are the properties of ...?
. . event/object or its properties . .
of a concept/idea/object/event. What is the meaning of ...?
based only on facts. .
How do you describe ...?
You want to compare/contrast A list of key differences and/or Howis X ... to/from Y?
COMPARISON two or more things, understand similarities of something What are the ... of X over Y?
their differences/similarities. compared to another thing. How does X ... against Y?
. Advantages, disadvantages, Would you recommend ...?
You want to get advice . . .
. and main features of an entity How do you like ...?
EXPERIENCE or recommendations )
. . (product, event, person, etc) What do you think about ...?
on a particular topic. . .
summarised from personal experiences. ShouldI...?
You want to debate on a hypothetical | Arguments on a debatable topic consisting of | Does ... exist?
DEBATE question (is someone right or wrong, different opinions on something supported or | Can... be successful?

is some event perceived positively or
negatively?).

weakened by pros and cons of the topic
in the question.

Do you think ... are ...?
Is... reallya...?
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HO[EM L &E R =X
o k=1

gz HuTEILeE | HErEENEE | mookem
ijzis 1.02% 1.38% (1 19%)

AR T 79.63% 87.26% &33‘.5‘552)
e= 0.79% 8.13% (3?’345;)
4 15.76% 0.47% (0.21%)
HIAAI NES 1.19% 0.12% (o%%b)
== 0| 1.23% 0.51% ((;.’5;5‘30)
23] 0.20% 1.08% (0,75287%)
H| 0.19% 1.04% (0.6595%%)

2 100% (72,0002) | 100% (54,0007) | 100% (126,000%)




oo cel £2 Fo|SE Ho[EA O} A2 Ho|SE Hlo[EA A Hjo|EfA
=T MARCO NQ TriviaQA | SQUAD | HotpotQA | 2WMHQA | MuSiQue | (126,000%)
HjzS 0.12% 0.18% 3.55% 0.23% 3.96% 0.01% 0.18% (11 1488} )
R U S R BN 0 | om0, | amemer | 104,457
NESER | 5001% | 96.24% | 90.02% | 8226% | 87.28% | 7727% | 97.23% | oo
2 | 0.42% 0.01% 0.36% 2.36% 558% | 18.32% | 0.50% é gfs )
57 11,601
St | 4318% | 3.11% 5.46% | 11.28% | 0.42% 0.27% 0.73% | (g570)
i | XA | 3.78% 0.14% 0.09% 0.74% 0.08% 0.06% 0.22% (0%%/0 )
II_E_ |
olg | 2.14% 0.26% 0.20% 2.32% 0.05% 0.95% 0.53% (3 ;Sf )
- 727
#8 | 0.08% 0.02% 0.23% 0.47% 0.21% 2.55% 0.48% | (o'eg0)
Hm | 0.28% 0.04% 0.09% 0.34% 2.41% 0.57% 0.13% (06595‘3% )
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(EM: Exact Match, F1: F1-score)

gpt-40-2024-03-06

AL 03 LLM RAG
EM F1 EM F1
H| 22 35.92 | 52.23 | 53.21 | 67.06
O AAA AR | 734 | 2339 | 1932 | 33.17

Ao o|-&- 1.12 15.11 2.16 21.7
A 2.06 6.13 3.98 10.01
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28 2 2F R LLM2 RAG A|AHIe] ¥ H|uw

(EM: Exact Match, F1: F1-score)

gpt-40-2024-08-06 gpt-40-mini-2024-07-18
AL 03] LLM RAG LLM RAG
EM F1 EM F1 EM F1 EM F1
H| A= 35.92 | 52.23 | 53.21 | 67.06 | 8.64 | 31.33 | 26.2 | 46.68
 AAA "R [ 734 | 2339 | 1932 | 3317 | 235 | 17.47 | 7.65 | 23.11
R EZ [ 056 | 3.0 | 1.05 | 466 | 016 | 265 | 0.34 | 37
=71 719 | 353 | 23.34 | 539 | 31.44 | 09 | 20.57 | 1.54 | 27.43
H] A2 A 2] A 0.87 | 19.77 | 1.53 | 28.71 | 0.55 | 19.49 | 0.98 | 27.96
Faf= o]& 1.12 | 15.11 | 2.16 21.7 | 0.35 | 12.86 | 0.6 | 18.79
73] 2.06 | 6.13 3.98 | 10.01 | 0.96 | 5.12 | 1.93 | 6.77
H| 4.18 | 18.78 | 10.37 | 27.86 | 1.15 | 15.03 | 1.73 | 18.36
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